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Domination needs justification
The concept of race, 15th century expansion of European countries. The col
onial occupation of the islands off of the coast of Africa. This continues to i
mpact us today.  The enslavement of Africans in the Americans  started in 
1502 with the Spanish. 

Francis Galton, in the 1800s coined the term eugenics, and connected euge
nics to statistical logic. Eugenics is the scientific study, and work towards cr
eating a hierarchy of racists. Galton worked on early laws of regression and 
connected eugenics and his early work on social science statistics.  Statistici
ans including Pearson also included discussions of eugenics in his work, th
ough he was not an avowed eugenicist. 

Another problematic area in history that needs to be noted is the census. T
he census in the US is the longest known to be kept, and began in 1790. I
n the US it wasn’t until the 1850 census that all the members of a househo
ld were counted. Also, those of not-white races were not as  counted as wh
ole, for example African slaves were counted as ¾ of a person, other non-
whites were counted as less than 1 as well.  It wasn’t until 1860 that Indige
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nous Americans were counted, but those were only who renounced tribal r
ules.  that there was the first 

Many scientists believed that science explained the domination of Europe. 
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1. Zuberi and Bonilla Silva point out that we 
cannot separate statistical analysis from the 
person doing it. 

2. Covarrubias and Velez, Zuberi and Bonilla Silva, 
O'Neil, and Joi all point out that numbers do 
not stand alone, they speak for the society in 
which they operate, thus if the society is racists, 
the numbers produced by the society will be 
racist. 

3. Descriptive descriptions of people of color and 
their trajectories can unearth counter narratives 
to what the numbers say. Seblan
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If the poorhouse was a machine that diverted the 
poor and working class from public resources, scie
ntific charity was a technique of producing plausib
le deniability in elites."
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3 examples of biased statistics.

1. Scientific charity in the late 1800s, after the 1873 crash

They asked: How can legitimate need be tested in a communal lodging 
house? How can one enforce work and provide free soup at the same 
time? In response, a new kind of social reform—the scientific charity 
movement—began an all-out attack on public poor relief. Scientific charity 
argued for more rigorous, data-driven methods to separate the deserving 
poor from the undeserving. In-depth investigation was a mechanism of 
moral classification and social control. Each poor family became a “case” to 
be solved; in its early years, the Charity Organization Society even used city 
police officers to investigate applications for relief. Casework was born. 
Caseworkers assumed that the poor were not reliable witnesses. They 
confirmed their stories with police, neighbors, local shopkeepers, clergy, 
schoolteachers, nurses, and other aid societies.

7



Scientific charity treated the poor as criminal defendants by default.
The scientific charity movement relied on a slew of new inventions: the 
caseworker, the relief investigation, the eugenics record, the data 
clearinghouse. It drew on what lawyers, academics, and doctors believed to 
be the most empirically sophisticated science of its time. Scientific charity 
staked a claim to evidence-based practice in order to distinguish itself from 
what its proponents saw as the soft-headed emotional, or corruption-laden 
political, approaches to poor relief of the past. But the movement’s high-
tech tools and scientific rationales were actually systems for disempowering 
poor and working-class people, denying their human rights, and violating 
their autonomy. If the poorhouse was a machine that diverted the poor 
and working class from public resources, scientific charity was a technique 
of producing plausible deniability in elites.

2. 1983 US News, at that point a struggling newsmagazine, decided to 
undertake a difficult project – to evaluate and rank 1800 colleges and 
universities. 
1st they sent opinion surveys to university presidents. Stanford and Amherst 
came out on top. People didn’t like that.
2nd. They began to grapple with what made for an excellent educational 
experience. They then began to look at what correlates with student 
success -> SAT scores, acceptance rates, donations from alumni. The first 
rankings using the new algorithm  (3/4 was made up of data, and 25 
percent was subjective views of the university from higher ed leaders) 
made sense. Universities like Harvard and MIT came out on top.  But, the 
problem is, is that these rankings started to matter a lot, and universities 
started doing things like having admitted students re-take the SATs in 
order to bump up their rankings. Another university, that was dropping in 
the ranks – despite higher retention rates and other improvments –
launched a major capitol campaign, made huge improvements to campus 
buildings, and thus began to climb in the rankings.  One of the things that 
the university built was an athletic facility, and athletics are a huge factor in 
drawing applicants. They began having a star athletic program, got more 
applicants, had a lower acceptance rate, and thus shot up in the rankings. 

1. Search engines
Understanding technological racialization as a particular form of 
algorithmic oppression allows us to use it as an important framework in 
which to critique the discourse of the Internet as a democratic landscape 
and to deploy alternative thinking about the practices instantiated within 
commercial web search. https://www.youtube.com/watch?v=gg0hFfwhbcc
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Many authors point out that we 
NEED to do this work. Quantitat
ive research is valuable, and imp
ortant. In talking about indigen
ous methodologies and critical r
ace theory -> quantitative meth
ods have been criticized becaus
e of the seeming positivist natur
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e of them, and that they stand i
n direct opposition to other way
s of looking at the world. 
But, quantitative work needs to 
continue.
Policy is based on quantitative 
work.
Laws are based on quantitative 
work.
The reason I was drawn to quan
t work is because I knew, from 
my experiences on political cam
paigns and working in the legisl
ature, that we need to have nu
mbers.
But we need to change the way
s we present those numbers, an
d how we interpret those numb
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ers. 
Walter and Anderson present thi
s model. For qualitative research
ers, this isn’t new, but for quanti
tative researchers, doing this wo
rk, laying out our axiology, epist
emology, ontology andpositiona
lity is new – unless someone is 
coming from a non-dominant p
aradigm. We need to do this. 

So much of what we see in tradi
tional quantitative research is ab
out defaulting whiteness, malen
ess and upper middle and uppe
r middle classes as the default, 
whereas everyone else is the ot
her.  As Walter and Andersen tal
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k about – in quantitative researc
h  we need to be explicit about 
our ways of conceptualizing info
rmation, our position, our view 
of how knowledge is formed, an
d those things we value 
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So, now I’m going to talk about how do we go about fixing these things? 
1. it’s a long process. 
2. We need to understand the power we have as researchers, as those pos

itioned in the academic class. We have a lot of power. We need to share 
that power.

3. At one point I worked with an organization that was BY and for at-risk t
eens. When I first started working at the organization there was a steep 
learning curve that had to do with my privilege as an adult. I got called 
out a lot at first. See, the organization was about truly sharing power wi
th the teens, it was actually about giving up the power that I had every 
other place I went where those under 18, those perceived as being you
ng, were involved– the adult power. 

4. I was introduced to a book during my PhD program by Trimble and Fish
er. This book just reinforced what I’d learned at that organization. We ha
ve to center leadership away from us as researchers, and learn how to s
hare the power. 

5. As researchers we need to work with those we are researching. Maybe I’
m just stating the obvious, but those who we are researching know as 
much as we do. 
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6. So, what to do? Create a research team that includes members of the p
opulation, or leaders in the community that you are studying. Communi
ty engaged scholarship does this. 
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